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« 435 instances

16 attributes

— 16 nominal attributes
— 0 numeric attributes

* No target variable
 No missing values
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Classification rules:
Weka - classifiers = rules = JRip
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Baseline classifier:
Weka = classifiers 2 rules 2 ZeroR
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Association rules
Weka - associations = Apriori
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Best rules found:
l. adoption-of-the-budget-resolution=y physician-fee-freeze=n =219 == party=democrat Z19 col
2. adoption-of-the-budget-resolution=y physician-fee-freeze=n aid-to-nicaragquan-contras=y 195 =:
3. physician-fee-freeze=n aid-to-nicaragquan-contras=y 211 ==> party=democrat 210 conf:(l)
4, phyzician-fee-freeze=n education-spending=n 202 ==> party=democrat zZ01 contf:(l)
L. physician-fee-freeze=n 247 ==> party=democrat 245 cont:(0.99)
6. el-salvador-aid=n party=democrat 200 ==> aid-to-nicaraguan-contras=y 197 cont: (0.99)
7. el-salvador-aid=n 208 ==> aid-to-nicaramqian-contras=y 204 conf: (0.98)
. adoption-of-the-budget-resolution=y aid-to-nicaraguan-contraz=¥ party=democrat 203 ==> phyaic
9, el-zsalwvador-aid=n aid-to-nicaraguan-contras=y¥ 204 ==> party=democrat 197 cont: (0.97%)

10. aid-to-nicaraquan-cohtras=y party=democrat 218 ==> physician-fee-freeze=n 210 cont: (0.96)

=
Kl | r

Skatus

KNOWLED G~
CHNOLOGIES

zef Stefan Institute

Log x* 0
(a4
DERARTMENT OF W

TE



RARTMENT OF
DWLEDGE
DLOGIES

JoZef Stefan Institute

uality of association

B3 veka.gui.GenericObjectEditor =10l x|

weka, associations, Aprioti

about
’7 Finds association rules. Mare |

dela [0.05

lovwerBoundMinSupport IIII.1

/ metricType

minkekric

ICn:nnFidenn:e ;I

numPLles

oukputIbemSets

removedliMissingCols

significancelevel |-1.0

upperBoundMinSupport |1.EI

verbose IFaIse - I

CIpen. .. | Save. .. | Ik | Cancel |

rules



Compare classification and
association rules

Purpose

Format

Quality measure

Ruleset / List of rules
Exhaustiveness of algorithms



Comparison of classification and
association rules

e Purpose

— Classification rules: classification

— Association rules: exploratory data analysis, descriptive induction
 Format

— Bothin the format X 2> Y

— Classification rules: Y is a pair “target variable=class”

— Association rules: both X and Y are itemsets = conjunctions of attribute-

value pairs

* Quality measure

— Classification rules: classification accuracy of the ruleset, precision, rule
accuracy, weighted relative accuracy

— Association rules: support, confidence, lift, leverage, conviction
 Ruleset/ List of rules

— Classification rules: can be both: unordered sets of rules or ordered list
of rules

— Association rules: unordered set of rules

Exhaustiveness of algorithms

— Classification rules: heuristic algorithms

— Association rules: exhaustive algorithms, guarantee the optimal results
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