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Exercise 2: CAR dataset

e 1728 examples
e 6 attributes
- 6 nominal
— 0 numeric
Hands on Weka: Part II e Nominal target variable
- 4 classes: unacc, acc, good, v-good
- Distribution of classes
e unacc (70%), acc (22%), good (4%), v-good (4%)
e No missing values
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Naive Bayes classifier
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Numeric prediction in Weka

Numeric prediction models

e LinearRegression

e M5P Regression and model trees
e KNN

e Baseline predictor
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regressionAgeHeight.csv
Data about 80 people:
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Visualization in Weka
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builtRegressionTree = True - regression tree
builtRegressionTree = False > model tree

B weka.qui.GenericObjectEditor _o| x|
weka, classifiers trees M5P
About
The original algorithm M5 was invented by Quinlan Mare
Quinlan J
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