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e 435 Instances
e 16 attributes
— 16 nominal attributes
— O numeric attributes
* No target variable
 NO missing values
QQ‘?.”%%%@EE

Jokef Stef

Votin

an Institute

g dataset

Weka Explorer ] 4
Preprocess I Classifyl Clusterl .C\sscu:iatel Select attributesl 'u'isualizel
Open Fil... | Open ... | Open ... | Unda | Edit... | SaVE... |
Filker
Choose INune | Apply |

~Current relation

Selected attribute

Relation: woting Marme: handicapped-infants Type: Mo...
Instances: 435 attributes: 16 Missi,.. 121... Diskinct: ... Unigque: 0(0...
~Attributes Lahel Counk
n 236
all | Maone Invert m 187
1/l
2\[" |mater-project-cost-sharing
3 |adoption-of-the-budget-resolution
4[" |phvsician-fee-freeze
5[ |el-salvadar-aid
& |religious-graups-in-schoals
7| |anti-satelite-test-ban Class: party (Mom) LI Yisualize Al |
8|[" |aid-to-nicaraguan-conkras
3 |mx-rnissile
10\[ limrnigration
11[" |synfuels-corporation-cutback
12|[" leducation-spending
13(™ |superfund-right-to-sue
14 |crime
15[ |duky-Free-exparts
16/[" |parky
Remove

Status
IVOK

Log # %0




Classification rules:
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Baseline classifier:
Weka = classifiers 2 rules 2 ZeroR
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Assoclation rules
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Best rules found:

adoption-of-the-budget-resolution=y physician-fee-freeze=n 219 ==> party=democrat =219 coml
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uality of association rules

B3 veka.gui.GenericObjectEditor =10 x|

weka, associations, Aprioti

about
’7 Finds association rules. Mare |

dela [0.05

lovwerBoundMinSupport IIII.1

/ mekricType I':I:II'IFinEI'lCE ;I

minkekric

numPLles

oukputIbemSets

remaveliMissingCols

significancelevel |-1.0

upperBoundMinSupport |1.EI

verbose IFaIse - I

CIpen. .. | Save. .. | Ik | Cancel |

b 4 DERARTMENT OF
{ _ KNOWLEDGE
\ TECHNOLOGIES



Compare classification and
associlation rules

e Purpose

e Format

e Quality measure

 Ruleset / List of rules
 Exhaustiveness of algorithms
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Compare classification and
associlation rules

Purpose

— Classification rules: classification

— Association rules: exploratory data analysis, descriptive induction
Format

— Bothin the format X 2> Y

— Classification rules: Y is a pair “target variable=class”

— Association rules: both X and Y are itemsets = conjunctions of attribute-

value pairs

Quality measure

— Classification rules: classification accuracy of the ruleset, precision, rule
accuracy, weighted relative accuracy

— Association rules: support, confidence, lift, leverage, conviction
Ruleset / List of rules

— Classification rules: can be both: unordered sets of rules or ordered list
of rules

— Association rules: unordered set of rules

Exhaustiveness of algorithms

— Classification rules: heuristic algorithms

— Association rules: exhaustive algorithms, guarantee the optimal results
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Iris dataset

e 150 instances

e 4 attributes
— 0 nominal attributes
— 4 numeric attributes

 Nominal target variable

— 3 values:
* |ris-setosa (30%)
* |ris-versicolor (30%)

e Iris-virginica (30%) I

 NoO missing values
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Clustering
Weka -2 clusters - SimpleKMeans
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Clustering visualization

| Cluster:
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